Water shortages limit agricultural production in the world's arid and semi-arid regions. The Northern region of China's Shaanxi Province, in the Loess Plateau, is a good example. Raising the water productivity of rainfed grain production in this region is essential to increase food production and reduce poverty, thereby improving food security. To support efforts to increase crop water productivity (CWP), we accounted for limitations of most existing studies (experimental studies of specific crops or hydrological modeling approaches) by using actual field data derived from statistical reports of cropping patterns. We estimated the CWPs of nine primary crops grown in four counties in Northern Shaanxi from 1994 to 2008 by combining statistics on the cultivated area and yields with detailed estimates of evapotranspiration based on daily meteorological data. We further calculated both the caloric CWP of water (CCWP) and the CWP of productive water (i.e., water used for transpiration). We found that regional CWP averaged 6.333 kg mm -1 ha -1 , the CCWP was 17,683.81 cal mm -1 ha -1 , the CWP of productive green water was 8.837 kg mm -1 ha -1 , and the CCWP of productive green water was 24,769.07 cal mm -1 ha -1 . Corn, sorghum, and buckwheat had the highest CWP, and although potatoes had the largest planted area and relatively high CWP, they had a low CCWP.
Introduction

The Importance of Agricultural Crop Water Productivity
Water shortages limit economic and social development in arid and semi-arid regions, including major grain-producing regions such as China's Loess Plateau. In recent years, water shortages have become some of the most serious challenges for agriculture around the world, and in the 21st century may jeopardize the world's ability to feed its growing population [1] . Crop production in arid and semi-arid areas is particularly and acutely limited by water shortages [2, 3] , since groundwater is also often limited. Water shortages are particularly serious in China, where dryland farming accounts for about one-third of the arable land. Roughly 40% of China's dryland farmland is located on the semi-arid Loess Plateau [4, 5] . Improved crop water productivity (CWP, which represents the crop yield per unit area for each 1 mm of precipitation or irrigation), is essential for food security in this and other drylands [6] . In this study we estimated the CWPs of nine primary crops grown in four counties in Northern Shaanxi from 1994 to 2008 by combining statistics on the cultivated area and yields with detailed estimates of evapotranspiration based on daily meteorological data. We further calculated both the caloric crop water productivity (CCWP), and the CWP of productive water (i.e., water used for transpiration).
Proposals to increase agricultural production in arid and semi-arid regions often focus on irrigation. However, compared to alternatives such as choosing improved cultivars and optimizing nutrient management, increasing irrigation is often prohibitively expensive and may have serious adverse consequences such as salinization [7] . Improving the efficiency of rainfed agriculture presents an appealing option. Though previous studies have examined the roles of improved cultivars or superior landraces and of nutrient management in increasing CWP [1, 8] , less research has examined the role of shifting to crops with higher CWP to improve the food security of dryland areas [9] . Increasing the utilization efficiency of water resources will help to improve local food self-sufficiency, thereby improving regional food security. Improved water productivity may also permit lower water withdrawals for irrigation, leaving more water for environmental purposes and reducing the risk of salinization [10] .
Background
Research on Green Water
The proportion of global water consumption accounted for by agricultural water use is very large, with estimates ranging from 80% to 90% of global water use [1] . Such water can generally be divided into blue water, which enters abstractable surface and ground water flows, and green water, which is water that remains in the vadose zone and evaporates or is transpired by plants. Green water accounts for 55 to 80% of the total available freshwater supply in several regions of the world [11] . During the 20th century, gains in agricultural productivity during the green revolution came from improved plant breeds and fertilizer use, but irrigation also played an important role by mitigating water deficits in crop vegetation [1] . However, irrigation may be reaching its limits in the early 21st century, both in terms of the available water and in terms of the amount of land that could be potentially irrigated [12] . Thus, further gains in global food production are likely to come through improvements in green water use rather than increased irrigation. Moreover, because agricultural green water use does not compete with water use by other economic sectors, such as domestic or industrial water use, it has a lower opportunity cost than blue water, and the use of green water for crop production generally has less-negative environmental externalities than the use of blue water [13] .
The Importance of Green Water CWP in China's Loess Plateau
China is facing severe water shortages, particularly in North China, so the potential for improved green water management is highly significant. Li and Huang [14] showed that green water accounts for 57% of all the water that is potentially available for agricultural use in China. Water shortages are even more acute in the Loess Plateau, where there are few irrigation sources, difficult terrain, and limited and variable rainfall. As a result, the Loess Plateau has historically experienced relatively low agricultural productivity, and is primarily dependent on rainfed agriculture. The hilly terrain and the incised topography that result from wind and water erosion of the region's fine-grained soils, combined with the plateau's limited water resources to make rainfall the primary source of agricultural water.
Various methods are available to improve the CWP of crops in semi-arid environments, and a plethora of field experiments have shown this to be the case. Plastic film mulches can decrease unproductive evaporation from the soil and redirect the water towards productive transpiration, thereby increasing CWP. However, the economic returns have been mixed [15] . Nutrient management also has the potential to significantly improve CWP [1] . For example, Yan et al. found that Water Use Efficiency (WUE) was positively correlated with the ratio of nitrogen to phosphorus (N:P) in the leaves based on 132 plant samples distributed from the Qinling Mountains, located in the southern end of the Loess Plateau, to the Northern end of the plateau [16] . A less commonly examined approach is to encourage the cultivation of crops with higher average CWP, leading to high CWP at the farm level and possibly reducing costs compared to alternative technologies [9] .
Most existing studies of CWP were based on field experiments and crop models [17] [18] [19] . Other studies have examined watershed-scale approaches using modeling tools such as the Soil and Water Assessment Tool (SWAT). Much less work has evaluated the CWP of agricultural systems at a regional level [9] . In this study we use the cultivated area of each crop and yield data from actual crops in the field alongside estimates of water use based on the FAO-56 methodology to estimate the regional CWP of agricultural systems [20, 21] .
Materials and Methods
We estimated the CWP in four representative counties with rain-fed agriculture in Northern Shaanxi Province from 1994 to 2008 by estimating consumptive water use from meteorological data and data on soil characteristics using the FAO-56 method [21] . We then compared the water use to the yield data from the county-level records. We calculated both the total amount of green water used and the productive green water, which we define as water that was used for transpiration rather than evaporation. We calculated both the gross CWP (kg mm −1 ha −1 ) and the caloric crop water productivity (CCWP; kcal mm −1 ha −1 ) of green water in each year in each county. We estimated the proportion of each county's cropland occupied by each crop and the total area of each crop in the four counties, and calculated the weighted local grain production efficiency of green water for each crop and for the agricultural sector of each county as a whole.
Study Site
Northern Shaanxi Province is located near the center of China's Loess Plateau (Figure 1 ), a macro-region that encompasses parts of Shanxi, Ningxia, Shaanxi, Gansu, Qinghai, Inner Mongolia, and Henan provinces. We focused on four counties in Northern Shaanxi Province: Wuqi County, Zhidan County, Ansai County, and Zichang County. These counties were selected based on consistency in their data management practices during the study period and their high proportions of non-irrigated cropland. This region is a typical semi-arid area of rain-fed agriculture, with the majority of land in each county being unirrigated (Table 1) . 
Data
Meteorological Data
The meteorological data used in this study came from six weather stations located in and around the study area: Hengshan, Wuqi, Dingbian, Xifeng, Yan'an, and Suide. These sites are state-level meteorological stations of China and have strict specifications for the observation field according to the Specification for ground meteorological observations, including homogeneous and wellmanaged grass [22] . Meteorological parameters obtained from each station included the daily average temperature (Tmean, °C), maximum daily temperature (Tmax, °C), minimum daily temperature (Tmin, °C), average relative humidity (RHmean, %), average wind speed at a height of 10 m above the ground (u10, m/sec), hours of sunshine (N, hours/day), daily precipitation (P, mm), and minimum daily relative humidity (RHmin, %).
Only one of the four counties of our study included the national meteorological station (Wuqi County). Therefore, to estimate meteorological parameters we used spatial interpolated of data from the national meteorological stations on the periphery of the research area. Since our research areas are counties bordering each other, we selected the inverse distance weighting method (IDW) for interpolation because it has been widely used in agriculture, marine and grassland animal husbandry applications, and because of it, it is simple in principle and relatively convenient to calculate for large data sets [23] [24] [25] :
where ω , refers to the weighting coefficient of i meteorological stations around j county, d is the distance from site i to the center of county j,CPT refers to the meteorological parameter value of the geometric center of j county, Station , refers to data of i meteorological station around j County. 
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where ω j,i refers to the weighting coefficient of i meteorological stations around j county, d i is the distance from site i to the center of county j,CPT j refers to the meteorological parameter value of the geometric center of j county, Station i,j refers to data of i meteorological station around j County. We used IDW to interpolate the meteorological parameters at the geometric centers of each of the four counties, and these four points were used as a proxy to calculated the ET for each county. Table 2 shows the meteorological stations used for each county and the distance from the county's center to each of the surrounding stations. [26] , and focused on nine major food crops: Potato (Solanum tuberosum), corn (Zea mays), millet (Setaria italica), soybean (Glycine max), proso millet (Panicum miliaceum), wheat (Triticum aestivum), sorghum (Sorghum bicolor), buckwheat (Fagopyron esculentum), and mung bean (Vigna radiata). To calculate water losses, the FAO-56 method relies upon a crop coefficient that represents the difference in evapotranspiration between the crop and a reference evapotranspiration value. These values differ for each crop during four stages of growth. Based on local conditions, we determined the length of the growth cycle, the planting date, the start and end of each growth period, and the lengths of the four growth periods (Table 3) . We defined the following periods: initial (L ini ), development (L dev ), stable growth (L mid ), and maturation (L late ). Table 4 presents the crop yield data for the nine crops. [27] . In this study, we calculated ET adj based on the FAO-56 dual cropcoefficient method. This approach consists of four steps: (1) Calculating reference evapotranspiration from meteorological data (ET o ), (2) Calculating crop evapotranspiration (ET c ) by creating growth-stage-based crop coefficient curves, (3) Accounting for situations of water depletion in the soil by calculating stress-induced evapotranspiration (ET adj ), and (4) Partitioning evapotranspiration between evaporation and transpiration. These steps were conducted on a daily timescale during the growing season for each county.
(1) ET o calculation There are many ways to estimate ET o , but their performance varies depending on the environment [30] . We chose the FAO-56 Penman Montieth formula for this study because it fully integrates many factors that affect evapotranspiration, and has shown estimates superior to those of other methods in a variety of contexts [30, 31] . We calculated ET o using the ET o calculator software [32] , which calculates ET o from meteorological data using the Penman-Monteith formula. 
where ET c is the crop's evapotranspiration under non-stressed conditions; ET o is the reference evapotranspiration; and K c is a crop coefficient that accounts for the crop's characteristics. K c was calculated on a daily basis by beginning with a reference K c value under standard conditions for each crop (Table 2) . From these values, we constructed a K c curve for each crop that provided a daily reference value during the L dev and L late stages. These values were then adjusted for daily meteorological conditions as follows: the crop coefficient for the initial growth stage (Kc ini ) can be estimated from the ET o and the precipitation intervals during early crop growth according to the reference diagram or equation 7-3 from Annex 7 of FAO's drainage paper 56 [27] ; Kc mid and Kc end can be calculated using the following equations:
Kc end = Kc end(Tab) + (0.04
where: Kc mid(Tab) represents the values under standard conditions taken from Under stress (due to a water shortage in the soil), evapotranspiration (ET adj ) will be less than under conditions with abundant water. ET adj is calculated as follows:
where ET adj is the crop's evapotranspiration under water stress; K s is the crop coefficient under water stress; K cb is the ratio of the crop's transpiration to the reference evapotranspiration (i.e., ET adj /ET o ); and K e is the ratio of the crop's evaporation to the reference evapotranspiration. K s , which describes the effect of water stress on crop transpiration, can be derived from Equations (5) to (7), which account for the effects of soil moisture content:
where K s is a dimensionless transpiration reduction factor that depends on the available soil water (0 to 1), TAW is the total available soil water in the root zone (mm), D ri is the root zone depletion of water (mm), RAW is the readily available soil water in the root zone (mm), p is the fraction of TAW that a crop can extract from the root zone without suffering water stress, θ FC is the water content at field capacity (m 3 m −3 ), θ WP is the water content at the wilting point (m 3 m −3 ), Z r is the rooting depth (m), and when D ri < RAW, K s = 1 [27] . We calculated the water balance for each crop in each county throughout the growing season on a daily basis to determine whether ET adj or ET c should be used for that day. These daily calculations were then summed for the annual growing season to calculate total ET for each crop by county.
(4) Partitioning Transpiration from Evaporation
Green water consumption can be divided into two parts: Productive transpiration (ET cbs ) and non-productive evaporation (ET e ) from the soil and from water intercepted by canopy surfaces [33] . Productive green water (GW-P) is defined as the proportion of the green water that is released into the atmosphere through plant transpiration [34] and is therefore directly involved in the growth of crops:
GW-P = ET cbs = K s K cb ET o (11) where: K cb is the mean basal crop coefficient, and K e is the mean soil water evaporation coefficient. Through the calculations in this section, we derived the average annual green water consumption for each crop and each county (Table 5) . Combined with the yield data for each crop, this let us calculate CWP. a Note: GW total represents the total green water consumed during crop growth; GW prod represents the productive green water (water directly consumed by transpiration during crop growth).
Calculation of Crop Water Productivity
We calculated the CWP of each crop by comparing the annual yield in each county to the annual ET adj for that county. To determine the aggregate CWP for the agricultural system in each county, and for each individual crop across all counties, we weighted each crop or county by the proportional area of each crop:
PA i,j,area = ha i,j,area /(Σ i M (ha i,j,area )) (15) where: CWP i is the consumptive water productivity of crop i and CWP j is the consumptive water productivity of county j. Y i,j represents the crop yield for crop i in county j, and GW ij represents the corresponding green water use by crop i in county j. PA i,j, is the proportion of crop i in county j calculated with respect to the entire study area, PA j,i,crop is the area proportion of crop i in county j relative to the total area of crops i in 4 county, PA j,i,area is the area proportion of crop i in county j relative to nine crops in the j county. and ha i,j,crop and ha i,j,area are the corresponding planting areas. N = 9 crops, and M = 4 counties. We measured CWP in two ways: Gross CWP, in kg ha −1 mm −1 , and CCWP, in kcal ha −1 mm −1 . The second value accounts for differences in the caloric content of the nine crops [29] .
CCWP measures the ability of a food system to provide caloric intake, and is measured as follows:
where: i represents the crop, j represents the county, Cal i is the caloric content of crop i, and all other variables have the same meaning as in Equations (10) to (13) . Figure 2 summarizes the overall calculation process. The gross CWP of productive water (CWP-P) and the caloric CWP of productive water (CCWP-P) were calculated similarly to CWP and CCWP, but after substituting ETc cbs for ETc adj . Calculation process for determining the green water consumption, crop water productivity (CWP), and caloric crop water productivity (CCWP). Abbreviations: Temp means the daily maximum, minimum, and average temperatures (°C); RH means the mean and minimum relative humidity (%); u10 means the wind speed above the ground (m/s); SSD means the sunshine duration per day (hours); h means the maximum crop height (m); P means precipitation; Cal means the caloric content of the crop (kcal); RAW is the readily available soil water in the root zone (mm); TAW is the total available soil water in the root zone (mm); p is the fraction of TAW that a crop can extract from the root zone without suffering water stress; θFC is the water content at field capacity (m 3 m −3 ); θWP is the water content at the wilting point (m 3 m −3 ); Zr is the rooting depth (m); and Dri is the root zone depletion of water (mm).
Results
Average CWP of Crops and Counties
The simple unweighted annual average green water CWP of the nine food crops was 5.882 kg mm −1 ha −1 , and the average CWP-P was 8.537 kg mm −1 ha −1 ; The average CCWP of green water was 17683.81 cal mm −1 ha −1 , and the CCWP-P was 24,769.07 cal mm −1 ha −1 . In other words, 0.5882 gross kg of grain, equivalent to 1897 calories, could be produced from 1 t of green water, and 0.8537 gross kg of grain, equivalent to 2759 calories, could be produced from 1 t of productive green water.
From the perspective of gross grain output (Figure 3a) , the variation among the nine crops is significant. Corn had the highest green water productivity (12.370 kg mm −1 ha −1 ), which was nearly four times that of mung bean (3.329 kg mm −1 ha −1 ), which had the lowest productivity. In addition to corn, potato, sorghum, and buckwheat had a high CWP. Mung bean and wheat, which had the lowest CWP, also accounted for the lowest proportions of cultivated area in the study area: The average proportion of the area cultivated with mung bean was 0.7% (the lowest proportion of the nine grain crops), and between 1994 and 2008, the area cultivated with wheat decreased by 98%.
Crops also varied significantly in CWP-P (Figure 3a) , in ways that were not directly predictable from CWP. The CWP-P of buckwheat and wheat were more than twice their CWP values, whereas the CWP-P of the other crops showed more modest increases of 10 to 25%.
Based on CCWP and CCWP-P (Figure 3c ), corn remained the most efficient crop (CCWP 45150.71 kcal mm −1 ha −1 ; CCWP-P 59184.91 kcal mm −1 ha −1 ). As in the CWP and CWP-P analyses, Calculation process for determining the green water consumption, crop water productivity (CWP), and caloric crop water productivity (CCWP). Abbreviations: Temp means the daily maximum, minimum, and average temperatures ( • C); RH means the mean and minimum relative humidity (%); u10 means the wind speed above the ground (m/s); SSD means the sunshine duration per day (hours); h means the maximum crop height (m); P means precipitation; Cal means the caloric content of the crop (kcal); RAW is the readily available soil water in the root zone (mm); TAW is the total available soil water in the root zone (mm); p is the fraction of TAW that a crop can extract from the root zone without suffering water stress; θFC is the water content at field capacity (m 3 m −3 ); θWP is the water content at the wilting point (m 3 m −3 ); Zr is the rooting depth (m); and Dri is the root zone depletion of water (mm).
Results
Average CWP of Crops and Counties
Based on CCWP and CCWP-P (Figure 3c ), corn remained the most efficient crop (CCWP 45150.71 kcal mm −1 ha −1 ; CCWP-P 59184.91 kcal mm −1 ha −1 ). As in the CWP and CWP-P analyses, sorghum had the second-highest CCWP and CCWP-P. However, despite having some of the highest CWP and CWP-P values, potato had the lowest CCWP and CCWP-P, with values of only 5423.00 and 7312.12 kcal mm −1 ha −1 , respectively, which are equivalent to 12.0 and 12.4% of the value for corn.
The counties also varied in their productivity (Figure 3b,d) . The simple unweighted average annual CWP in the four counties was 6.586 kcal mm −1 ha −1 , and CWP-P was 9.18 kcal mm −1 ha −1 . The CCWP in the four counties averaged 18,472.52 kcal mm −1 ha −1 , and CCWP-P averaged 25,824.12 kcal mm −1 ha −1 . Wuqi County had the highest CWP (7.715 kg mm −1 ha −1 ), and Ansai County had the lowest (5.760 kg mm −1 ha −1 ). CCWP followed a slightly different pattern, with the highest value in Zhidan County (22,771.81 kcal mm −1 ha −1 ), but the lowest value was still in Ansai County (16, 723 .60 kcal mm −1 ha −1 ). The trends were nearly the same for the productive values, except that Zichang County had the lowest CCWP-P (Figure 3d ). The counties also varied in their productivity (Figure 3b,d) . The simple unweighted average annual CWP in the four counties was 6.586 kcal mm −1 ha −1 , and CWP-P was 9.18 kcal mm −1 ha −1 . The CCWP in the four counties averaged 18,472.52 kcal mm −1 ha −1 , and CCWP-P averaged 25,824.12 kcal mm −1 ha −1 . Wuqi County had the highest CWP (7.715 kg mm −1 ha −1 ), and Ansai County had the lowest (5.760 kg mm −1 ha −1 ). CCWP followed a slightly different pattern, with the highest value in Zhidan County (22, 771 .81 kcal mm −1 ha −1 ), but the lowest value was still in Ansai County (16, 723 .60 kcal mm −1 ha −1 ). The trends were nearly the same for the productive values, except that Zichang County had the lowest CCWP-P (Figure 3d ). 
Weighted Productivity of Green Water in the Agricultural System over Time
Because the proportions of the total area planted with each crop vary throughout the study region and over time, it was necessary to use an area-weighted summation method to calculate the overall CWP and CCWP of agricultural systems in each county throughout the study period. Figure  4 shows the annual changes in the area-weighted CWP and CWP-P for the nine major food crops from 1994 to 2008 for the entire study area. These values were calculated using Equation (10) . Table  6 provides the values used to create these graphs. Figure 5 shows the area-weighted CCWP and CCWP-P for the nine crops, and Table 7 shows the data used to create these graphs. 
Because the proportions of the total area planted with each crop vary throughout the study region and over time, it was necessary to use an area-weighted summation method to calculate the overall CWP and CCWP of agricultural systems in each county throughout the study period. Figure 4 shows the annual changes in the area-weighted CWP and CWP-P for the nine major food crops from 1994 to 2008 for the entire study area. These values were calculated using Equation (10) . Table 6 provides the values used to create these graphs. Figure 5 shows the area-weighted CCWP and CCWP-P for the nine crops, and Table 7 shows the data used to create these graphs.
Because Table  6 provides the values used to create these graphs. Figure 5 shows the area-weighted CCWP and CCWP-P for the nine crops, and Table 7 shows the data used to create these graphs. Figure 6a shows the changes over time in the overall CWP (all crops combined) for the study area from 1994 to 2008. CWP ranged between 4.0 and 8.0 kg mm −1 ha −1 , with the lowest and highest values in 1995 (4.239 kg mm −1 ha −1 ) and 2005 (7.785 kg mm −1 ha −1 ), respectively, and with no overall trend over time. The annual average CWP during this period was 6.333 kg mm −1 ha −1 . CWP-P followed the same pattern, and was significantly positively correlated with CWP (r = 0.8683, p < 0.05). CWP-P averaged 8.837 kg mm −1 ha −1 , and ranged from 6.106 kg mm −1 ha −1 in 1995 to 11.356 kg mm −1 ha −1 in 2005. Figure 6b shows the corresponding changes in CCWP and CCWP-P. CCWP averaged 17,683.81 kg mm −1 ha −1 during the study period, versus 24,769.07 kg mm −1 ha −1 for CCWP-P. While the overall trend was similar to that for CWP, lower CCWP values are present near the end of the study period, likely driven by an increase in the area planted with potatoes, which have a lower CCWP. Figure 6b shows the corresponding changes in CCWP and CCWP-P. CCWP averaged 17,683.81 kg mm -1 ha -1 during the study period, versus 24,769.07 kg mm −1 ha −1 for CCWP-P. While the overall trend was similar to that for CWP, lower CCWP values are present near the end of the study period, likely driven by an increase in the area planted with potatoes, which have a lower CCWP. Figure 6 . Annual changes from 1994 to 2008 in (a) the green water crop productivity (CWP) and productive green water crop productivity (CWP-P) in the study area and (b) changes in the corresponding caloric productivities (CCWP and CCWP-P). Horizontal dashed lines represent the mean parameter value during the study period. Figure 7a shows the changes in CWP and CWP-P in the four counties during the study period, and Table 8 provides the data used to create this figure. Figure 7b shows considerable variation among the counties, with a mean CWP ranging from 5.760 kg mm −1 ha −1 in Ansai County to 7.715 kg mm −1 ha −1 in Wuqi County, and mean a CWP-P ranging from 8.084 kg mm −1 ha −1 in Ansai county to 10.743 kg mm −1 ha −1 in Wuqi County. and productive green water crop productivity (CWP-P) in the study area and (b) changes in the corresponding caloric productivities (CCWP and CCWP-P). Horizontal dashed lines represent the mean parameter value during the study period. Figure 7a shows the changes in CWP and CWP-P in the four counties during the study period, and Table 8 provides the data used to create this figure. Figure 8 shows the corresponding CCWP and CCWP-P values. Table 9 presents the data used to create these graphs. The caloric productivity ( Figure 8) showed variation similar to that for CWP and CWP-P, with CCWP ranging from 14 Figure 8 shows the corresponding CCWP and CCWP-P values. Table 9 presents the data used to create these graphs. The caloric productivity ( Figure 8) showed variation similar to that for CWP and CWP-P, with CCWP ranging from 14,622.19 kcal mm -1 ha -1 in Zhichang County to 22,771.81 kcal mm −1 ha −1 in Zhidan County and CCWP-P ranging from 20,617.38 kcal mm −1 ha −1 in Zhichang County to 31,542.23 kcal mm −1 ha −1 in Zhidan County. Table 9 . Green water caloric crop productivity (CCWP, kcal mm −1 ha −1 ) and productive green water caloric crop productivity (CCWP-P, kcal mm −1 ha −1 ) of the four counties during the study period. CWP and CWP-P differed significantly among the counties (Table 10 ). For both CWP and CWP-P, Wuqi and Zhidan counties had the highest values, but did not differ significantly. Ansai and Zichang had the loewst values, and did not differ significantly. Similar to CWP and CWP-P, for both CCWP and CCWP-P, Wuqi and Zhidan counties had the highest values, and did not differ significantly. Ansai and Zichang had the lowest values, and did not differ significantly either. Table 10 . Average crop water productivity (CWP) and productive crop water productivity (CWP-P) in the four counties during the study period. Values of a parameter labeled with the same letter do not differ significantly (two-sided t-test, p < 0.05). The weighted averages were based on the total cultivated area in each county.
Comparison of CWP of Agricultural Systems between Counties
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Changes in Crop Area during the Study Period
The areas cultivated with the nine crops changed from 1994 to 2008 ( Figure 9 ). The area of wheat, which had a consistently low CWP, decreased rapidly after 1998, whereas the areas of corn and sorghum, which had a consistently high CWP, remained relatively stable. The area of potato, which had the worst CCWP, generally increased throughout the study period. These results demonstrate that from the perspective of improving the efficiency of water use, there is still room for optimization of the crop planting structure. For example, if all of the potatoes were replaced with corn, the same amount of water could produce 45 × 10 6 kcal year -1 more calories; alternatively, the same calories could be produced using 21,000 t less water. CWP and CWP-P differed significantly among the counties (Table 10 ). For both CWP and CWP-P, Wuqi and Zhidan counties had the highest values, but did not differ significantly. Ansai and Zichang had the loewst values, and did not differ significantly. Similar to CWP and CWP-P, for both CCWP and CCWP-P, Wuqi and Zhidan counties had the highest values, and did not differ significantly. Ansai and Zichang had the lowest values, and did not differ significantly either. Table 10 . Average crop water productivity (CWP) and productive crop water productivity (CWP-P) in the four counties during the study period. Values of a parameter labeled with the same letter do not differ significantly (two-sided t-test, p < 0.05). The weighted averages were based on the total cultivated area in each county. 
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Changes in Crop Area during the Study Period
The areas cultivated with the nine crops changed from 1994 to 2008 ( Figure 9 ). The area of wheat, which had a consistently low CWP, decreased rapidly after 1998, whereas the areas of corn and sorghum, which had a consistently high CWP, remained relatively stable. The area of potato, which had the worst CCWP, generally increased throughout the study period. These results demonstrate that from the perspective of improving the efficiency of water use, there is still room for optimization of the crop planting structure. For example, if all of the potatoes were replaced with corn, the same amount of water could produce 45 × 10 6 kcal year -1 more calories; alternatively, the same calories could be produced using 21,000 t less water. Table 11 presents the statistical characteristics of the CWP and CWP-P values for the nine crops during the study period. Corn had the highest mean CWP and CWP-P values, followed by sorghum, whereas millet and mung bean had the lowest values. However, sorghum had the highest variation in CWP and CWP-P, followed by corn, and buckwheat and mung bean had the lowest variation. Both the mean yield and its variation should be carefully considered during plans to increase the wateruse efficiency, since some crops with high yield may lose that advantage in unusually dry or warm years. This is a particular concern due to the drying and warming trend that is accompanying global warming in many areas. Table 11 presents the statistical characteristics of the CWP and CWP-P values for the nine crops during the study period. Corn had the highest mean CWP and CWP-P values, followed by sorghum, whereas millet and mung bean had the lowest values. However, sorghum had the highest variation in CWP and CWP-P, followed by corn, and buckwheat and mung bean had the lowest variation. Both the mean yield and its variation should be carefully considered during plans to increase the water-use efficiency, since some crops with high yield may lose that advantage in unusually dry or warm years. This is a particular concern due to the drying and warming trend that is accompanying global warming in many areas. Table 11 . Statistical characteristics of the crop water productivity (CWP) and productive crop water productivity (CWP-P) for the nine crops during the study period. 
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Discussion
Understanding CWP and CCWP at the levels of individual crops and specific regions has important practical significance for local food production and for adjusting the crop structure to promote more sustainable use of limited water resources. By combining meteorological data with crop data, we assessed the green water consumption of the nine main food crops in a representative region of China's Loess Plateau and calculated the crop and caloric crop water productivity that resulted from the region's use of green water. Our results showed that although average CWP and CCWP values in Northern Shaanxi Province varied significantly over time, there was no consistent trend.
We found that CWP was highest for corn, sorghum, and potato; however potato had the lowest CCWP of all crops, suggesting the importance of considering CWP based on more than just gross yield. We found significant differences in both CWP and CCWP among the four counties, with Wuqi (with annual average precipitation of 422.158 mm) and Zhidan (453.64 mm) consistently having higher productivities than Ansai (455.675 mm) and Zichang (444.01 mm). The possible causes of lower CWP or CCWP may be the larger area and proportion of crops with lower CWP or CCWP, such as Zichang with the lager area (80,116ha) and larger proportion (18.25%) of wheat. Additionally, Zichang had the larger area (15,8554ha ) and the larger proportion (36.12%) of potatoes. Our results suggest that, without considering economic factors such as food prices, corn and sorghum should be the two preferred options based on their green water productivity because they combine high productivity (in terms of both yield and calories) with efficient water use, thereby making better use of the region's limited water resources. While corn and sorghum are the two crops with the highest CWP, they differ considerably in the interannual variability of both CWP and CWP-P; sorghum's coefficient of variation was more than twice that of corn for CWP, and the difference was nearly as large for CWP-P. This suggests that corn not only has among the highest water productivity of the crops we studied, but also the highest stability in yield.
Comparison with Previous Research
Our work responds to several previous studies. Previous CWP research mainly focused on large-scale assessments and single (or few) crops. In terms of large-scale research, extensive research has provided a good foundation for the macroscopic understanding of agricultural water resources and their production efficiency. For example, Kaneko et al. [35] applied stochastic frontier analysis to provincial-level data to measure the water-use efficiency in China's agricultural production from 1999 to 2002, and found that corn was the most important crop in terms of improving both economic and water efficiency. Our results, which cover a smaller area, but over a longer time period, corroborate Kaneko's findings: Corn was among the crops with the highest water productivity, and also had low variability in that yield. Wu et al. studied regional differences in CWP around the world from 1990 to 2007 based on data from 87 countries and listed key factors on which countries with low water-use efficiency should focus in order to improve crop yield and reduce its regional variation [36] .
In terms of research on individual crops, previous studies revealed the CWP of specific crops in an effort to provide a good basis for comprehensive understanding of regional food CWP. A comprehensive analysis of 39 datasets from experiments spanning 20 years showed that the CWP of dry-land wheat in the Loess Plateau ranged from 3.4 to 23.4 kg ha −1 mm −1 [3] . Our estimates of wheat CWP are on the low end of this range, as they never exceeded 5.159 kg ha −1 mm −1 , and fell below 3.4 kg ha −1 mm −1 on multiple occasions. Zhang et al. [37] studied how the CWP of dryland corn in China's Loess Plateau responded to crop management and found that CWP ranged from 2.8 to 39.0 kg ha −1 mm −1 . While our CWP estimates for corn never approached the highest end of this range, they also consistently exceeded the lowest values from Zhang et al. study. The reason for the CWP difference is that Zhang's study mainly focuses on distinguishing the CWP of maize and wheat under different management measures, and this study aims at the average level of maize overall.
This previous research provides important perspectives on CWP at both the regional and single-crop scales. Combined with the county-scale study of nine crops in the present study, our research provides a more comprehensive understanding of CWP in the Loess Plateau. By identifying crops, such as potato, that use water inefficiently when viewed from a caloric perspective, regional agricultural leaders can determine which crops use water inefficiently and which should be replaced with more efficient crops.
Additions to Previous Research
The present study provides four new contributions to the literature on crop water-use efficiency. First, we demonstrated the applicability of our method at a scale intermediate between those of previous small-scale studies (e.g., individual crops or fields) and large-scale studies (e.g., provinces). Our CWP and CCWP assessments for green water productivity of nine main crops at a county level provide important reference values to improve our understanding of how to optimize water use in the Loess Plateau's rain-fed agricultural systems by identifying the most and least efficient crops. In contrast with previous site-specific research, crop-specific research, and assessments at large scales, the present study permits calculations at a scale similar to that at which crops are managed, for regions with relatively consistent climate conditions. As a result, it will promote more effective use of the Loess Plateau's limited water resources.
Second, our study shows the applicability of our method to studying CWP of agricultural systems in the developing world. Our method is much less expensive and time-consuming than field surveys, and is therefore more suitable for adoption over large areas such as the Loess Plateau. Because it does not require sophisticated and expensive techniques, it should be easily applicable to other arid and semi-arid regions of the world where researchers may lack resources to determine CWP based on field-based studies. This method is of particular importance to semi-arid regions, where high interannual variability in rainfall means that single-year studies of CWP may be misleading; long time scales are necessary to capture the variation that occurs in any farming region. Increasing the refinement of remote sensing technology has greatly promoted the evaluation of agricultural water resources [38] . While remote sensing technology is far superior to the method used in this study in terms of coverage area and data quantity, the method described in the present study has superior ability to account for different crop mixtures, which can be difficult to accomplish with remote sensing data due to the low spatial and temporal resolution of large-area datasets.
Third, our study focused on both the use and the productive use of green water. The latter is particularly important because it provides more ability to distinguish between crops in their CWP. By extending this analysis to the caloric value of the crops, our research also provides important support for analyses of food security. Fourth, our approach links CWP and CCWP with the hydrological cycle processes that control crop production. It will therefore provide insights that will help to optimize the use of the region's limited water resources, thereby making it easier to combat poverty by improving livelihoods while also improving ecological protection.
Limitations of Our Study and Directions for Future Research
Our choice of study sites represented sites with typical characteristics for the study area. However, we could not account for all of the variation in sites within such a large region. Moreover, our use of interpolated meteorological data instead of site-specific data introduces some inaccuracy into our estimates; despite these limitations, our study used the finest-scale meteorological data currently available over an extended time. In future research, it would be beneficial to find ways to obtain site-specific meteorological data. While the values of the various model parameters that we used (e.g., the crop coefficients, the timing and duration of the growth periods) were the best available estimates at the time of our research, such parameters are dynamic, and in future research they may need be modified based on empirical data to more closely reflect the characteristics of our crops and study area.
While the counties, crops, and dataset we used in this study are representative of the semi-arid regions of China's Loess Plateau, they cover a relatively small part of the plateau and do not fully capture all of the climatic and other variation. Thus, it will be necessary to acquire more extensive data to permit the evaluation of CWP and CCWP on larger spatial scales. As there are differences in the availability of crop data and in data quality (e.g., continuity, integrity) among administrative regions, collecting this data will be a significant challenge. Further expansion of the scope of access to official statistics, possibly combined with the use of site-specific field data and remote sensing data, may overcome problems of data availability by expanding the scope and amount of the available data.
Conclusions
A comprehensive understanding of the water productivities of different crops is important to the efficient use of water resources in water-scarce regions such as China's Loess Plateau. This paper evaluates the consumption of green water in nine primary crops grown in Northern Shaanxi by estimating of evapotranspiration based on daily meteorological data. By combining meteorological data with crop yields data, the CWP, CWP-P, CCWP and CCWP-P of different crops had been evaluated. It was found that the regional averaged CWP was 6.333 kg mm −1 ha −1 and the CCWP was 17,683.81 cal mm −1 ha −1 . Corn, sorghum, and buckwheat had the highest value of CWP. Corn had low variability in yield and the highest water productivity among the nine crops. Potato, which is among the crops with the largest acreage in the research area has very low CCWP, despite having a relatively high CWP. This difference illustrates the importance of considering multiple measure of crop water productivity, as results may vary. In our study we evaluated caloric and gross CWP, however future research could also consider economic CWP measured in the value of crop sold per unit of evapotranspiration. We identified some differences in both CWP and CCWP among the four counties. This research provides three new contributions to the literature on CWP: (1) We calculated CWP on the Loess Plateau at a mesoscale of county-level in contrast to previous field-level or global and national calculations; (2) We illustrated a new method of estimation that is less expensive than field surveys; and (3) This method has some advantages in distinguishing between the CWP different crops. Future research will focus on expanding research areas on the Loess Plateau, which would allow for the use of spatial analysis, and combining other data sources such as field surveys and remote sensing. 
